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DINAMICA DO MODELO

Exposigdo modulada pelas intervengdes |

Sintomas Recuperagdo

S —*El—}EQ—)Eg = I - R

Recuperag3 /
%
Morte
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Figure 1. A schematic illustration of the underlying model. S corresponds to the 'susceptible’ population, E is "exposed}, | is "infectious’, R 'recovered’, H 'severe' (hospitalized), C "critical in
(ICU)', © "critical not in ICU/overflow', and D are fatalities.

S: individuos suscetiveis expostos ao virus pelo contato com alguém infectado

" E:individuos expostos que progridem para um estado sintomatico em um tempo tl

I: individuos infectados , com RO médio de infec¢Bes secundarias

H: individuos hospitalizados, tanto 0s que se recuperam gquanto 0s que progridem para estado critico
C: individuos criticos, que utilizam UTI, tanto os que retornam a enfermaria quanto que evoluem a 6bito
®  O: criticos que nédo estdo em UTI - sobrecarga da UTI

" R:individuos infectados, supde-se nao se infectarem novamente.

rs.gov.br serLAG RS R




O PARAMETRO R, E OS EFEITOS DAS ESTRATEGIAS DE MITIGACAO

O R, é um Representa o Numero médio de infeccbes
parametro secundarias por caso no inicio da pandemia:
essencial no ‘ “Inicialmente, Sem isolamento, um infectado
modelo transmite, em média, para quantas pessoas’.

Se houver uma estratégia de mitigacéo que reduza a
transmissao em 50%, devido ao isolamento e os
cuidados de higiene, nesse instante

R, = Ro/z

As estratégias de
mitigacao podem
reduzir o R,

!

rs.gov.br




PARAMETROS USADOS PELO MODELO

Parametros Descricao

Parametros que especificam a taxa de crescimento, a variacdo sazonal e a duracao da
Epidemiologia internacdo hospitalar. As predefinicdes sdo combinagfes de velocidade e geografia
(velocidade/regiao).

Média anual (Ry) Nimero médio de infecgbes secundarias por caso.

Laténcia [dias] Tempo desde a infecgdo até o inicio dos sintomas (aqui inicio da infecciosidade).

Numero médio de dias que uma pessoa é infecciosa. Ao longo desse periodo, RO

Periodo infeccioso [dias] infeccdes ocorrem em média

Variagdo sazonal Amplitude de variacdo sazonal na transmisséo

Pico sazonal Epoca do ano com pico de transmissao

Internacao hospitalar [dias] NUmero médio de dias que um caso grave permanece em leitos hospitalares regulares
Permanéncia na UTI [dias] Numero médio de dias que um caso critico permanece na UTI

Um fator multiplicativo para a taxa de mortalidade de pacientes que necessitam mas

Gravidade do excedente de UTI - N
nao possuem acesso a camas de UTI, em relacdo aqueles que o tem.

Reducéo de transmissao através de medidas de atenuagdo ao longo do tempo.
Atenuacado/mitigacéo Diferentes predefinicdes com grau variavel de reducdo podem ser selecionadas a
partir do menu dropdown.

Ferramenta utilizada: https://covid19-scenarios.org/

rs.gov.br SEPLAG RS - .



PARAMETROS USADOS PELO MODELO

Parametros Descricao

Populacéo Parametros da populacédo no sistema de saude
Populacéo Numero de pessoas atendidas pelo sistema de saude.
Distribuicdo de idade Pais para determinar a distribuigédo etaria na populacéo
Casos suspeitos iniciais NuUmero de casos presentes no inicio da simulagéo
Importacdes por dia Numero de casos importados de fora por dia, em média
Leitos hospitalares (est.) Numero de leitos hospitalares disponiveis no sistema de saulde.

Numero de UTI/Unidades Semi-Intensivas disponiveis no sistema de

UTI/Unidades Semi-Intensivas (est.) ,
saude.

Selecione regido para a qual tragar casos confirmados e contagem de

Casos confirmados L
obitos.

Data de inicio e término da simulag&o. A alteracao do intervalo de tempo

Intervalo de tempo de simulacdo o e
P ¢ pode afetar o resultado devido a reamostragem da curva de mitigacao.

Ferramenta utilizada: https://covid19-scenarios.org/

rs.gov.br seracRs R B



PRESSUPOSTOS DE GRAVIDADE ESPECIFICOS POR IDADE

Esta tabela resume as suposicdes sobre a gravidade obtidas por observacdes epidemiolégicas e clinicas na China. A primeira coluna
reflete as nossas suposigdes sobre a fragao de infecgoes que é refletida nas estatisticas da China, e as colunas subsequentes contém as
suposigoes sobre qual fragao da categoria anterior deteriora para a proxima. Estes campos sao editaveis e podem ser ajustados para
suposicoes diferentes. A Gltima coluna é a taxa de mortalidade inferida para faixas etarias diferentes.

Grupo etario Confirmado Grave Critico Fatal Fatal
% total % de confirmados % de severos % de criticos % de todas asinf...
0-9 5 1 5 30 0.00075
10-19 5 3 10 30 0.0045
20-29 10 3 10 30 0.009
30-39 15 3 15 30 0.02
40-49 20 6 20 30 0.072
50-59 25 10 25 40 0.25
60-69 30 25 35 40 1.1
70-79 40 35 45 50 3.1
80+ 50 50 77 50 6.9

rs.gov.br serLAG RS R




Projecoes para
alguns Paises
(realizadas em 14/04)



POPULATION @

EPIDEMIOLOGY @

Intervention #1 16 Mar2020 - 25Mar2 11
ALEMANHA Rl p—
Age distribution @ Germany Latency [days] © 5 Intervention #2 25 Mar 2020 - 05 Apr 2020 39
Initial number of cases @ 5 - Infectious period [days] @ 3
Intervention #3 05 Apr2020 - 30 Apr2020 36
Imports per day @ 01 - Seasonal forcing @ 0
Ro - 4’04 Hospital Beds (est.) @ 500680 = Seasonal peak @ January
ICU/ICMU (est.) @ 23890 = Hospital stay [days] @ 3 Parémetros
Confirmed cases @ Germany ICU stay [days] @ 14
S 05 Feb 2 - Severity of ICU overflow @ 10
Estratégias de mitig
— —
[ 100
2020-04-09
Os pontos
1m —
representam a S

realidade, as retas
representam o
ajuste do modelo

\

10k 50
Interventipn from 13 Apr 2020
100+ 25
v
. -
..Olnterventmn #1
/ L 1]
1 — T 0
2020-01-28 2020-02-14 2020-03-02 2020-03-20 2020-04-06 2020-05-01
Cumulative cases (data) Cases past 3 days (data) @ Cumulative deaths (data) Susceptible - Recovered Infectious Severely ill

rs.gov.br

= Patients in ICU (model) = ICU overflow - Cumulative deaths (model)

Cumulative deaths (data) 2.11k

Recovered 903.04k

Patients in ICU (model) 9.44k

Cumulative deaths (model) 2.05k

serLacRs R B



POPULATION &

ESTADOS UNIDOS ==

Ro — 4 54 Hospital Beds (est.) @
-

100m

EFIDEMIOLOGY @ Intervention #1 16 Mar 2020

1m

10k

Os pontos
representam a
realidade, as retas
representam o
ajuste do modelo

100+

1
2020-01-21

Cumulative cases (data)

rs.gov.br

N4

T
2020-02-07 2020-02-24

50
Intervention #2
25
ntervention #1
Intervention #3
T 0
2020-03-13 2020-03-30 2020-05-01
Cases past 3 days (data) @ Cumulative deaths (data) Susceptible - Recovered Infectious Severely ill

- Patients in ICU (model) - ICU overflow -=- Cumulative deaths (model)

20
330000000 & Annual average R, @ 4,54 =
Age distribution @ United States of Am... Latency [days] @ 5 = Intervention #2 25Mar2020 - 05Apr 2020 32
Initial number of cases @ 9 & Infectious period [days] @ 3 &
i 05 Apr2020 - 30 Apr 2020
Imports per day @ o1 - Sl () 0 o Intervention #3 05 Apr202 pr 202 10
1485000 & Seasonal peak @ January
ICU/ICMU (est.) @ 49499 s Hospital stay [days] @ 3 - Paré etros
Confirmed cases € United States of Am... ICU stay [days] @ 14 =
31Jan2020 - Severity of ICU overflow -
Simulation time range € #dan 4 e 10 =
. y s
- Estratégias de mitig
[100
2020-04-09
75
—

Cumulative deaths (data) 14.82k

Recovered 8.76m
Patients in ICU (model) 49.5k
ICU overflow 11.4k

Cumulative deaths (model) 14.76k

serLacRs R B



POPULATION @ EPIDEMIOLOGY @ Intervention #1 09 Mar 2020 - 25M

21

Ve
I I A I IA Population @ 60462000 & Annual average Ro @ 21 &
i 35 Mar 2020 - Anr 2020
Age distribution @ Italy Latency [days] @ 5 - Intervention #2 25 Mar 2020 i 53
Initial number of cases @ 4732 o Infectious period [days] @ 3 - X
Intervention #3 55
Imports per day @ 0.1 = Seasonal forcing @ 0 =
Ro = 2,1 Hospital Beds (est.) @ 165384 = Seasonal peak @ January
N
ICU/ICMU (est.) @ 7550 & Hospital stay [days] @ 3 & Paral I IetrOS
Confirmed cases @ Italy ICU stay [days] @ 14 =
01Feb2020 - Severity of ICU overflow a . ..

Simtaion ime s © e * ¢ E ¥ Estratégias de mitig

[ 100
Os pontos
representam a 2020-04-09
realidade, as retas
1m- representam [0} L7s
ajuste do modelo
Patients in ICU (data) 3.61k
Cumulative deaths (data) 17.67k
10k L L Intervention #3
JofSmen a 50
/ 00000000000

/ — Recovered 1.73m

1004 r25
—— Patients in ICU (model) 7.55k

o® Intervention #1
o® ICU overflow 2.79k
® Cumulative deaths (model) 17.68k
(1]
1 T T T 0
2020-01-31 2020-02-17 2020-03-05 2020-03-23 2020-04-09 2020-05-01

r o br Cumulative cases (data) Cases past 3 days (data) Patients in hospital (data) @ Patientsin ICU (data) @ Cumulative deaths (data)
s.gov. serLacRs R B

Susceptible - Recovered Infectious Severely ill -= Patients in ICU (model) - ICU overflow - Cumulative deaths (model)



rs.gov.br

POPULATION @

EPIDEMIOLOGY @

Intervention #1 16 Mar 2020 - 25 Mar 2020 51
E S PA N H A Population @ 46755000 & Annual average Ry @ 3,08 G
Age distribution @ Spain Latency [days] @ 5 0 Intervention #2 25 Mar 2020 - 05Apr2020 57
Initial number of cases @ 564 o Infectious period [days] @ 3 2
T ) o " Seasonalforcing @ . - Intervention #3 05 Apr2020 - 57
RO = 3I08 Hospital Beds (est.) @ 110346 = Seasonal peak § January
ICU/ICMU (est) @ 4479 o sl T ] () 3 : Pal’am etrOS
Confirmed cases @ Spain ICU stay [days] @ 14 &
simulation ti o 06Feb2020 - Severity of ICU overflow @ 10 0
imulation time range 2 M 1
Estratégias de mitig.
[ 100
Os pontos 2020-04-09
representam a
1mA realidade, as retas -
representam [0}
ajuste do modelo Cumulative deaths (data) 14,56k
.nterventlorli% Intervention #3
10k7 e 1 1, (1 I Recovered 1.59m
L
100 Las Patients in ICU (model) 4.48k
ICU overflow 3.16k
Cumulative deaths (model) 14.39k
]passscada. ; ; ; 0
2020-02-01 2020-02-18 2020-03-06 2020-03-24 2020-04-10 2020-05-01

Cumulative cases (data)

Susceptible - Recovered

Cases past 3 days (data) Patients in hospital (data) @ Patientsin ICU (data) @ Cumulative deaths (data)

Infectious Severely ill - Patientsin ICU (model) --1CU overflow - Cumulative deaths (model)




FRANCA

RO =3,26

POPULATION @

EPIDEMIOLOGY @

Os pontos
representam a
1m-| realidade, as retas
representam o
ajuste do modelo
10k
100+
ZOZO:E: o 2020—|02-ll

Cumulative cases (data)

rs.gov.br

= Patients in ICU (model) - ICU overflow == Cumulative deaths (model)

Intervention #1 16 Mar2020 - 25 Mar 2020 25
Population @ 65274000 S Annual average Ry @ 3,26 S
Age distribution @ France Latency [days] @ 5 & Intervention #2 25Mar2020 - 05Apr2020 54
Initial number of cases @ 234 = Infectious period [days] @ 3 =
Intervention #3 05Apr2020 - 2020 50
Imports perday @ 0.1 & Seasonal forcing @ 0 &
Hospital Beds (est.) @ 274462 = Seasonal peak @ January
ICU/ICMU (est.) @ 7540 & Hospital stay [days] @ 3 & Parém etrOS
Confirmed cases @ France ICU stay [days] @ 14 &
B o 06 Feb 2020 Severity of ICU overflow @ 10 -
Simulation time range @ - E t t ;o= d .t.
100
2020-04-09
75
Cumulative deaths (data) 10.87k
L5 Recovered 1.7m
rom 14 Apr 2020
L o5 Patients in ICU (model) T.54k
ICU overflow 3.78k
Cumulative deaths (model) 10.84k
T T 0
2020-02-28 2020-03-17 2020-04-03 2020-05-01
Cases past 3 days (data) @ Cumulative deaths (data) Susceptible - Recovered Infectious Severely ill

serLacRs R B



Cenarios Brasil e Estados
(realizados em 14/04)



2020-04-09

Cenario BRASIL

No Brasil em dia 09/04:
= Obitos (cumulativo): 941

Cumulative deaths (data) 941

RO = 3,06

POPULATION @ EPIDEMIOLOGY @ . ) ’
“ This output of any model depends on model assumptio:

choices. Please carefully consider the parameters you clf

Population @ 207353391 < Annual average R, @ 3.06 - mitigation measures in particular) and interpret the out
L2 B Run automatically
Age distribution i Latency [days - . - i \ P
2 (7] Brazil y [days] @ 5 E EXPORT Patients in ICU (model) 3.28k

Initial number of cases @ 5000 - Infectious period [days] @ 3 - Cumulative deaths (model) 939
@D Logscale @ @ Formatnumbers @

Recovered 738.33k

Imports per day @ 200 - Seasonal forcing @ 0 -
100m-+
Hospital Beds (est.) @ 429000 B Seasonal peak @ January
ICU/ICMU (est.) @ 30623 B Hospital stay [days] @ 3 - .
ra
1m~

Confirmed cases @ Brazil ICU stay [days] @ 14 S
1 Mar 202 Severity of ICU overflow @ 10 x /
Simulation time range @ /

o
=)

gwfludanca

3" mudanca |- 25

The presets for the mitigation and infections control measure below are currently just place holders. We are gathering this

information at the moment. For the time being please adjust, add, and remove to match your community.

Each measure consists of name, start/end date, and an effectiveness in %.

2020-02-26 2020-04-09 2020-04-30

1* mudanga 17 Mar2020 24 Mar 2020 20 3 u Cumulative cases (data) Cases past 3 days (data) @ Cumulative deaths (data) Susceptible - Recovered Infectious
Severely ill - Patientsin ICU (model) - ICU overflow - Cumulative deaths (maodel)
2*mudanca 24 Mar2020 01 Apr 2020 44 3 ﬂ
e ) s u Os pontos representam a realidade, as retas representam o ajuste do modelo
" mudanca Ol Apr 2020 U Apr U2l =




Cenario SAO PAULO

POPULATION @&

Population @ 207353391 B Annual average R, @

Age distribution @ Brazil Latency [days] @

Initial number of cases @ 500 s Infectious period [days] @
Imports per day @ 20 2 Seasonal forcing @
Hospital Beds (est.) @ 429000 - Seasonal peak @
ICU/ICMU (est.) @ 30623 - Hospital stay [days] @

Confirmed cases @ BRA-S3o Paulo ICU stay [days] @

. Mar 202 Severity of ICU overflow @
Simulation time range @

R0O=4,8

4.8

10

EPIDEMIOLOGY @

2020-04-09

Em SP no dia 09/04:
= Obitos (cumulativo): 540

information at the moment. For the time being please adjust, add, and remove to match your community.

Each measure consists of name, start/end date, and an effectiveness in %

1 mudanca 15Mar2020 18M

3" mudanca 0Mar3030 34

4" mudanca 24 Ma

5° mudanca 30 Mar 2020

*Leitos disponiveis: Brasil

2" mudanca 18Mar2020 20 Mar

MITIGATION @

The presets for the mitigation and infections control measure below are currently just place holders. We are gathering this

ETIE

36 3

42 3

1md /

10k / 20
| 6" mudanca
100 / Las
1+ ) - T 1 +0
2020-02-25 2020-03-06 2020-03-17 2020-03-28 2020-04-08 2020-04-30

Cumulative cases (data) @ Cases past 3 days (data) @ Cumulative deaths (data) = Susceptible - Recovered - Infectious

Severely ill - Patients in ICU (model) -e- ICU overflow -o- Cumulative deaths (model)

Cumulative deaths (data) 540

This output of any model depends en model assumptions and pa

choices. Please carefully consider the parameters you choose (RO
mitigation measures in particular) and interpret the output with ¢ Recovered 643 .64k

E Run automatically
@D Logscale @ @D Format numbers @

100m- Patients in ICU (model) 2.8k
? Cumulative deaths (model) 538

Os pontos representam a realidade, as retas representam o ajuste do modelo

Populagado (2019): https://cidades.ibge.gov.br/brasil/sp/panorama



https://cidades.ibge.gov.br/brasil/sp/panorama

Cenario PARANA

POPULATION @ EPIDEMIOLOGY @

Population @ 11433957 - Annual average R, @

Age distribution @ Brazil Latency [days] @

Initial number of cases @ 252 * Infectious period [days] @
Imports per day @ 10 - Seasonal forcing @
Hospital Beds (est.) @ 429000 B Seasonal peak @
ICU/ICMU (est.) @ 42000 - Hospital stay [days] @
Confirmed cases @ BRA-Parand ICU stay [days] @

Mar 2020 Severity of ICU overflow @
Simulation time range @

2020-04-09

RO =2,58

No PR no dia 09/04:

2.58

10

= Obitos (cumulativo): 26
Cumulative deaths (data) 26

4

The presets for the mitigation and infections control measure below are currently just place holders.
information at the moment. For the time being please adjust, add, and remove to match your community.

Each measure consists of name, start/end date, and an effectiveness in %.

1* mudanca 16Mar2020 18 Mar

*Leitos disponiveis:Brasil

2" mudanca 18Mar2020 20 Mar20

3" mudanca 20Mar2020 23 Mar 2020

5" mudanga 30Mar2020 30 Apr20

MITIGATION &

We are gathering this

4* mudanca 23Mar2020 30 Mar 2020

choices. Please carefully consider the para y (RO and the
N IN NEW TAB mitigation measures in particular} and interpret the output with caution
B Run automatically
EXPORT
@D Logscale @ @D Format numbers @
- . ; \ -
Patients in ICU (model] 74
v Cumulative deaths (model) 26
m+
i

10k

| 50

| 4* mudanca

| 5" mudanca
1004 3" mudanca

| / 25

]
L]
eee®
Ll L

' H + + +0

2020-03-01 2020-03-12 2020-03-22 2020-04-01 2020-04-12 2020-04-30

Cumulative cases (data) Cases past 3 days (data) @ Cumulative deaths [data) Susceptible - Recovered Infectious

Severelyill -e- Patients in ICU (model) - ICU overflow - Cumulative deaths (model)

w
w
o

Os pontos representam a realidade, as retas representam o ajuste do modelo

Populagao (2019): https://cidades.ibge.gov.br/brasil/pr/panorama  Mobilidade: https://bigdata-covid19.icict.fiocruz.br/



https://cidades.ibge.gov.br/brasil/pr/panorama
https://bigdata-covid19.icict.fiocruz.br/

Cenario SANTA CATARINA

2020-04-09

Em SC no dia 09/04:

= Obitos (cumulativo): 18
RO =2,6 Cumulative deaths (data) 18

Population @

Age distribution @
Initial number of cases @
Imports per day @
Hospital Beds (est.) @
ICU/ICMU (est.) @

Confirmed cases @

Simulation time range @

7164788

Brazil

252

428000

42000

BRA-Santa Cata...

a

Annual average R, @
Latency [days] @
Infectious period [days] @
Seasonal forcing @
Seasonal peak @
Hospital stay [days] @
ICU stay [days] @

Severity of ICU overflow @

26

0.1

July

14

choices, Please carefully consider the parameters you choose (RO and the
mitigation measures in particular) and interpret the output with caution. RE'CO‘JE' |-Ed 1043R

Run automatically

..
. |
g i
- .

@ Logscale @ @ Format numbers @

- [ Patientsin ICU (model) 45
1m- | Cumulative deaths (model) 18
. maw: F
R 10k E
4" mudanca imentacao 50
1k

3" mudar

mig\enusaacana movimentacao

6 mudanga na movimentagao

The presets for the mitigation and infections control measure below are currently just place holders. We are gathering this

information at the moment. For the time being please adjust, add, and remove to match your community.

Each measure consists of name, start/end date, and an effectivenessin %

1* mudanca na movimentagdo

2° mudanga na movimentacio

3" mudan¢a na movimentacao

4" mudanca na movimentacao

5" mudanga na movimentagao

6" mudanca na movimentacao

*Leitos disponiveis:Brasil

44

52

44

42

25

100 /

104 2* mudanga na movime,
1 mudanca na mevingeh?
1 . —
|
|

1+ . - ! 0
2020-03-01 2020-03-12 2020-03-22 2020-04-01 2020:08-12 2020-04-30

PPN

@ Cumulative cases (data) @ Cases past 3 days (data) @ Cumulative deaths (data) - Susceptible -e- Recovered - Infectious

Severelyill <= Patients in ICU (model) - ICU overflow - Cumulative deaths (model)

Os pontos representam a realidade, as retas representam o ajuste do modelo

*Populacao (2019): https://cidades.ibage.qgov.br/brasil/sc/panorama Mobilidade: https://bigdata-covid19.icict.fiocruz.br/



https://cidades.ibge.gov.br/brasil/sc/panorama
https://bigdata-covid19.icict.fiocruz.br/

Cenarios parao
Rio Grande do Sul
(realizados em 17/04)



BASE - RESULTADOS DO ESTUDO UFPEL

Foram utilizados parametros da pesquisa amostral em parceria com UFPEL
Prevaléncia estimada: 0,05%
IC 95% da prevaléncia: (0,01%;0,17%)
Implicacoes:
o Em 01/04, estimativa de casos notificados = 5.650.
Percentual de casos confirmados = 9%. Pode variar entre: (2,6%; 33,3%)
o 1 caso notificado = 11 casos reais. Pode variar entre: (3; 38)
o Em 29/02, data da primeira coleta: estima-se que ja existiam
aproximadamente 11 casos positivos.
o Em 07/04, havia 653 casos notificados: estima-se que ja existiam 7.183
casos positivos. Pode variar entre: (1.488; 25.162)

rs.gov.br




Estimativas usando o limite Menor velocidade de

superior da prevaléncia da transmissao dentro do Int. de
UFPEL: 0,17% Confianca: RO = 2,7

O R, pode ser reduzido por medidas de mitigacao

Contatos entre pessoas* =
s residéncia + 'strabalho/escola + '3 comunidade

(Supos. Néo reducéo) (Trabalho: Dados Fiocruz/Google; (Dados Fiocruz/Google)
Escola: 100% de reducéao)
\ J

A taxa de isolamento estimada atual é de 41%:
gerando um R, = 1,593

* Social Contacts and Mixing Patterns Relevant to the Spread of Infectious Diseases.

rs.gov.br https://journals.plos.org/plosmedicine/article/file?id=10.1371/journal.pmed.0050074&type=printable

sercacRs R B



Parametros RIO GRANDE DO SUL

POPULATION @& EPIDEMIOLOGY @&

Population @ 11422973 - Annual average R, @ -
Age distribution @ Brazil Latency [days] @ 5 -
Initial number of cases @ 128 = Infectious period [days] @ 3 =
Imports per day @ 1 - Seasonal forcing @ 0.1 -
Hospital Beds (est.) @ 1377 - Seasonal peak € July

ICU/ICMU (est.) @ - Hospital stay [days] @ 3 -
Confirmed cases @ BRA-Rio Grande ... ICU stay [days] @ 14 :
Simulation time range @ e Severity of ICU overflow @ 10 :

*Leitos disponiveis: conforme plano de contingéncia da SES https://saude.rs.gov.br/upload/arquivos/202004/16180423-contingenciamento-dre-daha-1.pdf. SEPLAG RS - .



https://saude.rs.gov.br/upload/arquivos/202004/16180423-contingenciamento-dre-daha-1.pdf

Os cenarios dependem
fortemente do RO, havendo
imprecisao sobre o valor de 2,7.

CENARIOS DE MITIGACAO - RIO GRANDE DO SUL

Estimativa de hospitalizados (leitos clinicos e UTI) e de 6bitos, em trés cenérios de taxas de
Isolamento, para um RO de 2,7 — Apresentadas em 17/04

Estimativa de

Pacientes Estimativa de Estimativa de Demanda de

Pacientes em Obitos leitos de UTI
UTI (cumulativo) acima dos
disponiveis

Cenarios Hospitalizados
(leitos clinicos)
14/04 30/04 14/04 30/04 14/04 30/04

11%: 16/03 a 20/03
28%: 20/03 a 21/03
| 40%: 21/03 a 25/03 51 138 48 131 19 62 07/06
47%: 25/03 a 30/03

41%: 30/03 em diante

Sem Mitigacgéo (tanto para

268 2.530 162 1.520 38 354 01/05
passado quanto para futuro)

* Os valores da Tabela foram estimados pelo modelo SEIR (ndo sdo dados reais)

DADOS REAIS - Covid no RS em 14/04

Obitos: 20 (1+ do que no modelo)

Pacientes em leitos clinicos (77% hosp.): 30 e 1D AR O meeiEo)

Pacientes em UTI(77% hosp.): 57 (- 60 GUE e metle)




Cenério | - RIO GRANDE DO SUL = Data do Pico: 24/07/2020

-

100

Reduc¢do da transmissao (%)
Os pontos

1mH representam a
realidade, as retas
representam o
ajuste do modelo

16 Mar2020 20 Mar 2020 11

20Mar2020 21 Mar2020 28

10k

21 Mar2020 25Mar2020 40

100 25Mar2020 30 Mar2020 47

30 Mar2020  Em diante 41

1 : T 0
2020-02-29 2020-'03-17 2020-04-04 2020-104-21 2020-105-09 2020-05-31
@® Cumulative cases (data) Cases past 3 day(s) (data) @ Cumulative deaths (data) Susceptible -- Recovered

Infectious -o- Severelyill - Patients in ICU (model) -o- ICU overflow -o- Cumulative deaths (model)

Dados de mobilidade: https://bigdata-covid19.icict.fiocruz.br/
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PROXIMOS PASSOS

= Atualizar as estimativas considerando os resultados das proximas
coletas do estudo da UFPEL;

= Aperfeicoar as estimativas através dos dados de oObitos e
Internacdes hospitalares, conforme as novas informacdes forem
sendo oficializadas;

= Construir cenarios regionalizados para o RS.

rs.gov.br
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